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ABSTRACT

The use of computer vision and deep learning techniques is essential for effective robotic arm
control systems. Current robotic arm control systems rely on expensive distance sensors to determine
the location of objects. The high cost of these sensors is a barrier to the widespread application of
robotic arm control systems. Therefore, this paper proposes a control system that combines a deep
neural network model and binocular vision for fruit-picking robots. In this system, the YOLOv5
object detection model is used to determine object coordinates, and an OAK-D stereo camera is used

for depth estimation. The experimental results indicated that the proposed system was successful in
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effectively controlling a robotic arm by using low-cost sensors, making it a suitable option for robotic

arm control systems.

Key Words: Artificial intelligence, binocular vision, deep learning, robotic arm
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