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(REHEEET)

Texture Image Recognition Based on the Fusion of Gabor

Features and Local Binary Patterns
WANG Junmin, LI Ning, WANG Yanhui
(School of Information Engineering, Pingdingshan University , Pingdingshan , Henan 467099 , China )

Abstract ; Traditional Gabor filtering and local binary pattern ( LBP) methods cant get satisfying texture rec-

ognition results due to the lack of good discriminative ability. To solve the above problem, a method based on the

fusion of global Gabor feature and local LBP feature is proposed to implement the texture recognition. In this

method , the global texture feature is extracted by Gabor filtering method, and the local texture feature is extracted

by LBP algorithm. Finally, the feature fusion and texture recognition are implemented in the framework of nea-

rest subspace classifier. The experimental results on the benchmark datasets of CUReT and KTH-TIPS show that

the proposed method significantly outperforms the traditional Gabor filtering and LBP methods.

Key words : texture image recognition, feature extraction, Gabor feature, local binary pattern
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