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A Fast and Scale-robust Texture Image Recognition Method
WANG Junmin, LI Ning, WANG Yanhui

(School of Information Engineering, Pingdingshan University, Pingdingshan, Henan 467036, China)

Abstract ; Traditional texture image recognition methods can’ t achieve high recognition accuracy, high effi-
ciency and scale robustness simultaneously, which are difficult to be applied in real-world scenarios. To address
the above problem, a fast and scale-robust texture image recognition method is proposed. First, a multi-scale
texture image space is constructed by Gaussian filtering. Second, the completed local binary count (CLBC) al-
gorithm is used to extract the local binary pattern of each image in the image space. Third, the maximum CLBC
pattern is acquired by taking the maximum value of each pattern across different scales. Fourth, the maximum
CLBC patterns in multi-resolutions are concatenated to describe the feature of original texture image. Finally, the
nearest subspace classifier (NSC) is used to discriminate the class label of the texture image. The experimental
results on the benchmark texture databases demonstrate that the proposed method can achieve high performance
in terms of recognition accuracy, scale robustness and efficiency, which can be used in many practic,
tions.

Key words :texture image recognition, feature extraction, completed local binary count, scale robuisine



