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Facial Repair Based on Generative Adversarial Networks
XU Shuqi, YANG Huicheng,PAN Yue,HE Ye
(School of Electrical Engineering, Anhui Polytechnic University , Wuhu , Anhui 241000, China)

Abstract : How to better repair damaged facial images? Aiming at this problem, an improved facial repair al-
gorithm based on generative adversarial network is proposed. First, in the generative model, the full connection
of the middle layer of the encoder and decoder is replaced by the full connection of each channel. In the enco-
ding and decoding stage, the convolution operation is used instead of the pooling operation. The activation func-
tion used for the loss function is improved and increased. The tanh function improves the image completion
effect. Then, under the condition that the function is not damaged and the import and export dimensions remain
the same, the discriminator model is improved accordingly. Finally, the TV loss and reconstruction loss are in-
troduced into the loss function to jointly optimize the generation network and enhance the detailed image. Repair
ability experiments show that the facial images restored using this method are clearer and more consistent thanythe
previous methods.

Key words: generative adversarial network, full connection channel by channel, convolution o ,

tanh function, TV loss



